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Abstract—We propose an adaptive controller for a dynamical
system, where we need a quadratic function of the state to track
a given reference signal. This problem appears in the control
of generators in weak-grid conditions for example. While the
controller can measure the tracking error, the main difficulty
arises from the fact that the parameters of the quadratic
function itself are not known to the controller. Our approach
consists of simultaneously estimating the quadratic function while
tracking the reference signal, similar to the approach employed in
adaptive control. The quadratic structure of the tracking function
necessitates, however, a new adaptive law for estimating the
parameters. Even though estimation and control are in general
two contradicting requirements, using this new adaptive law and
a multilevel controller we prove that the tracking error converges
to zero in the absence of measurement noise. In the presence of
bounded noise we show that the tracking error can be driven to
a neighborhood around the origin.

I. INTRODUCTION

The focus of this paper is a control problem where a
quadratic function of the state with unknown parameters is
required to track a reference signal. The quadratic feature of
the tracking requirement causes standard linear controllers to
be inadequate since the direction in which the state should
advance to in order to reduce the tracking error is a nonlinear
function of that error. This can limit the tracking objective
from being achieved globally. The presence of the unknown
parameters further exacerbates the problem, since it prohibits
the desired state-value from being computed off-line. Also
these parametric uncertainties may alter the underlying plant
dynamics significantly so that a sequential action of system
identification followed by control may not be sufficient. What
may be called for is therefore an adaptive approach that
simultaneously takes identification and control actions.

Nonlinear adaptive control has been investigated extensively
during the past few decades, see [1]-[7] for example. However,
these methods, which focus on unknown nonlinearities in the
dynamics, rather than in the tracking function, prove to be
inadequate to the problem structure we consider. The approach
that is proposed in this paper is a significant departure from
the above methods and is able to accommodate the constraints
of the problem at hand and solve the tracking problem. In par-
ticular, the proposed approach consists of three components,
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the combined execution of all of which is the main contri-
bution of this paper. The first component is the estimation
of the unknown parameters. Standard parameter identification
techniques [8] are inapplicable since the loss of excitation as
the system converges, in combination with measurement noise,
may cause their estimates to diverge. Motivated by techniques
from adaptive control [9], [10], we use a parameter estimation
technique that guarantees convergence to some values with
which the tracking function is able to follow the reference
signal.

The second component of our approach is to use the
estimate of the unknown parameters, while it is constantly
being updated, to compute the desired steady-state solution
that will result in zero tracking error. Our approach guarantees
that the estimated parameters will always converge to values
for which the underlying quadratic equation, which may not
have a solution everywhere, does have a solution. The third
component is to use an already developed controller to drive
the state of the plant to the desired steady-state solution
computed by the second component.

In §II we state a general control problem where a nonlinear
function of the state is to track a reference signal. We then
present in §III our approach for solving this problem, and state
the main theorem. In §IV we prove the main theorem and the
properties of our approach. In §V we show the applicability
of our approach in a practical setting.

II. PROBLEM STATEMENT
A. Notations

We use j for y/—1, |-| for the absolute value of real or
complex scalars, - for the conjugate operation of a complex
number, and Re- and Im - for the real and imaginary parts of
a complex number, respectively. We use ||-|| for the 2-norm
of a real vector and for the induced 2-norm of a matrix, and
||| 7 for the Frobenius norm of a matrix. The identity matrix
is I. A function v : [0,00) — [0,00) is said to be of class
IC if it is continuous, strictly increasing, and v(0) = 0. We
define B, (P) = {x |3y € P, ||z —y|| < e} where P is a set
and ¢ is a nonnegative number, and define oyin, >0 (M) to be
the smallest nonzero singular value of a matrix M.

B. Plant Model

We consider a continuous-time control system, ¢t € R>g:

& (t) =fo (2(t), £(1), u(t))

(1) =fe (x(t), (1), u(t)) (1)



y (t) =Hox (t) + do 2

where z(t) € R", £(t) € R are the state of the system,
u(t) € RP the control input, and y(t) € R™ a dependent
signal. The values of Hy and dy are unknown, but the set
Po € R™*™ x R™ to which they belong is known to the
controller. The functions f, and fs may also be unknown.

The control objective is to have ¢ (x(t),y(t)), where ¢ (-, -) :
R™ x R™ — R™ is a known continuous function, track an
external reference signal r(t) € R C R™. For the control
objective to be attainable, the set R must be defined such that
for every r € R, and for every (Hp,dy) € Pp, there exists
x (t, Ho, dp) such that ¢ (z, Hyx + do) = 7.

The signals available to the controller are noisy measure-
ments of x and y:

z(t) =z(t) +o(t),  yt) =y) +w?)

where v and w are unknown measurement noise. We do,
however, assume the bounds v,,,« and wmax such that

lv (] < vmax,

are known by the controller.

Remark: A solution to this problem, where c is a general
nonlinear function, is provided in §III and proved in §IV. In
8V we limit our attention of ¢ to a bilinear function of = and
y, making c a quadratic function of the state.

lw ()] < wmax, vt

III. PROPOSED CONTROLLER
A. Definitions and Assumptions

With our controller we will be reducing this problem to that
of driving the state x to some reference signal Z, conforming to
a structure which is common in the adaptive control literature.
As the focus of this paper is addressing the unknown nonlinear
tracking function, we assume that a solution already exists for
the reduced problem:

Assumption 1: There exists a controller, C;, whose input
signals are z and a reference signal %, and its output signal
is u. When the plant (1) is used with this controller x and &
are bounded for every bounded reference signal &, and there
exists a function of class /C, v (-), such that if lim;_, . Z(¥)
exists then

limsup [l(t) — E(B)] < 7 (limsup [o(®)]]). 3)

Note that any controller that renders the closed-loop system
input-to-state stable (ISS) satisfies this assumption [11, §3.1].
In particular, for a linear time-variant system whose dynamics
may be uncertain but are known to belong to a closed set, if a
linear controller with a common quadratic Lyapunov function
over the whole set can be found, as in [12, Ch. 7], that
controller will render the closed-system to be ISS [11, §3.3].
In this case the gain v in (3) will be linear.

The definitions below are used to describe our solution

a) Define the function g (H,d,r) such that for every H, d
and r for which the control objective can be attained, i.e.
there exists = such that ¢ (x, Hz + d) = r, g satisfies

clo(Bdr) Ho(H dw) v d)=r.

In other words g returns an x, which may not necessarily
be unique, that satisfies the control objective.

b) Define the set P; (), 7 € R as a domain of H and d on
which g (+,-,r) is defined, and such that Py C Ps (7).
This means that (4) holds for all (H,d) € Ps (r). Note
that by the definition of R such a set exists.

¢) Define the set P3 as the convex hull of Py.

d) For any z, € R™ define

T
z, O

0
Xs=1| 0 . olr1l- (5)
0 0 af
We then make a technical assumption to ensure the regu-
larity of the objects just defined.

Assumption 2:

a) The function g is continuous over Pa(r) Vr € R.

b) The set Py, and therefore the set Ps, is closed and
bounded.

c) The set Py (r) is closed for all » € R and P5 (r) is a
continuous set-valued map over R.

d) The convex set Ps can be described by a set of m differ-
entiable convex functions, fi,... fm, fi : R™M"TH
R, and an affine function, / : R™(*+1) _s R4, such that
(H,d) € Ps if and only if

h(H,d)=0and f; (H,d) <0,¥i=1,...,m.

Furthermore, Slater’s constraint qualification [13, §5.2.3]
holds: 3 (Hs,ds) € Ps such that f; (Hs,ds) <0, Vi =
1,....,m.

When estimating the unknown parameters, in order to
show convergence the search space, Ps, must be convex. The
following additional assumption is only needed when a convex
set P3 such that P3 C Py (r), Vr € R, does not exist.

Assumption 3:

a) There exists z, € R™ such that if (Hy,dy) € Po and

(H,d) € Ps satisfy

Hz, +d = Hyx, + do, (6)

then necessarily (H,d) € Py.
b) There exists € > 0 such that B, .. (Py) NP3 C Pa(r)
Vr € R where

. 1
€ = — (Xy) (6(wmaxavmax)

Omin,>0

+2 sup [[H||(7(0max) + vma)

(H,d)ePs

and

6(wmaxa Umax) : 2 (wmax + vmax Sup ||HH) * (7)

(H,d)EPo

This assumption also implies the existence of a set P;
such that Be 1. (Po) NP3 C Py and Ber (P1) NP3 C

Py (r) Vr for some &’ >0, " >0, +&" <e.
In the sequel, we will simply write § as a shorthand for
0 (Wmax; Umax )- Note that in the absence of measurement noise
€, = 0 = 0. In this case Assumption 3b simply requires that
Po, which by the definition of R is contained in Pz (r) for



all » € R, is contained in the interior of Ps (r), where this
interior is defined in relative to Ps.

Assumptions 1-3 characterize the most general family of
problems to which the proposed controller is applicable. In
§V we present a practical example and show that all these
assumptions hold.

B. Solution

We use a two-level control approach to solve the control
problem stated in §II. We use C; from Assumption 1 as
the first-level controller. The second-level controller, Co, will
determine the reference signal %(¢) to C;. The controller Co
functions in discrete time and is described below as Algorithm
1, where escape is a boolean variable. The sampling period
by which Cy operates is T, and for every continuous signal
we use the notation - to denotes its sampling at time k7%, as
in x, = x (kTs). We also note that the reference signal to C;,
I, is constant during each time-interval of length T5:

i) =@y, kit kT, <t<(k+1)T,.  @8)

Theorem 1: If Assumptions 1, 2 and 3 hold, (Hy,dy) €
Po, and lim; o 7 (t) = ro for some fixed 7o, € R, then
controllers C; and Cs will ensure all trajectories of (1)—(2) are
bounded and satisfy

limsup e (z(2),y(t)) — Tooll < @ (Vmax, Wmax)
t—o0
where « is a continuous function, that may depend on 7,
and satisfies «(0,0) = 0. In the case that the functions ~ and
c are polynomials of degrees n, and n., respectively, and R
is compact, then a above can be written independently of r,
as a polynomial of degree n + n..

Algorithm 1 (definition of Cs):

input: t = kT, z,, Yo Th
if £ = 0 then
arbitrarily choose (Ho, cio) € Ps
set escape = false
end if . R
if |y, — (Hyzy, +di)|| < 0 then
set Hyy1 = Hp, di1 = di

else set
(Hys1,dpr1) = argmin ||[H — Hy||3 + ||d — di||?
(H,d)ePs
s.t. Hyk —(Hzi, +d)|| <6 9)
end if

if (ﬁk+1, tfk_H) € P; then set escape = false
else if (ﬁk+17 czkﬂ) & Po(r)) then escape = true
end if
if escape then set ;1 =z,
else set Tx11 = g (Hit1,dp+1,7k)
end if
output: Ty

IV. PROOF

We define vec R™*" 5 R" as the linear opera-

tion converting a matrix to a vector by stacking its rows:
. T
vec (M) = [Myy,...,Mipn,...,Mp1,...,Mp,]" . We define

ag = <V6C550)> . ay = <Vec{ﬁ’f)> , VkeN

dy,
and say that aj, € Ps if and only if (Hy,d)) € Ps. With (5)
we can write (Hpz), +dy) = X, ak.
Lemma 1: The limit limy_, o G = oo € P3 €xists.
Proof: Define the nonnegative Lyapunov function,

Vie = law — aol|® - (10)

As we show next it is non-increasing with time. By the
algorithm if ||y, — X ax|| < 6 then ag41 = ay and Vj is non-
increasing. Otherwise, note that (9) is a convex optimization
problem. Define the convex set Q) = {a ‘Hgk —X,a| < 6}.
In (9) we look for the point that is closest to aj, in the convex
intersection of the convex sets Ps and Q. Since ay, € P3\ Qp
the closest point must lie on 9Qy, the boundary of Q. Using
Assumption 2d we can rewrite (9) as

ap+1 = arg main fo(a)
s.t. fi(a’) <0,
fm+1(a) <0,

1=1,...,m

h(a)=0  (11)

where

fola) = (a—ax)" (a — ax),
fmt1(a) = (Xpa — yk)T(Xka - gk) -0

For ag we have h (ag) =0 and f; (ap) <0,Vi=1,...,m.
We also have

[Xrao =y, |l = [[Ho(zk + vk) + do — (Howk + do + wy)||
= ||H01}k — wk|| S 5/2

by definition of § in (7) so fpy1(ag) < 0. Let @/ =
(1—-¢)aop + cas where as = (Hs,ds) from Assumption
2d. Convexity of the f;’s implies that for any £ € (0,1],
fi(a’) < 0Vi=1,...,m. Choosing ¢ sufficiently small we
can also have f,,1+1 (a’) < 0 which then implies that Slater’s
constraint qualification holds for (11). Therefore strong duality
holds by Slater’s theorem and the optimal solution to (9), dx1,
satisfies the KKT conditions [13, §5.5.3]. This means Lagrange
multipliers A; > 0 and v € RY exist such that

Violars) + D> AVfilari)
i€{1,....m}
fi(ar41)=0
+ A'm—i—lvfm-‘,-l(&k:—i-l) + VTVh(&k+1) =0. (12)
Define a; = ax — ap. Choose i € {1,...,m} such that

fi(@g+1) = 0. We have that f; (ap) < 0. Convexity of f;
then implies that V f; (4x41) Gx+1 > 0. Since h is affine and
h(ag+1) = h(ag) = 0, VA (Gr+1) agr1 = 0. Multiplying
both sides of (12) by ax41 we then get that

(@1 — ar) " aksr + A1 (X s — ;)" Xpdrrr <0
(13)



Noting that for some ||| < 6/2, dgy1 € 0Ok,
X1 — Y, = Xpg+1 — (Xyao — Hov + wy)
= Xypag41 — Wi,
[ Xparr1ll = (| Xpar1 — y, || = 1@kl = 6/2 = |[wel],
we get from (13):
Qjpy 1@k 41 — @) Gkt
< At (—ak 1 X5 Xpanr + 0f Xpangr) <0, (14)

This establishes that ||ag+1|| < ||@x|| so the Lyapunov function
is indeed non-increasing.
As V is nonnegative and non-increasing, its limit exists and

lim Vi — Vi1 = 0. (15)
k—o0
From (14) we also get
0 <} = Jansr — anl* = ansr —
= [l 1 — 2 argr + [lax])”
<lansa|* = 2 llagral* + lagl* = Vi = Vir. (16
The statement of the Lemma then follows from (16), (15), and
the completeness of Ps. ]

Lemma 2: All trajectories of (1)-(2) are bounded and
lim supy,_, o, [| X yiioo | < 0.

Proof: As g is continuous, and (Hy, d;,) is confined to the
compact set Ps, the trajectory of &y € {g(f]k, dk,rk,l),x,,}
is bounded. By Assumption 1 this implies all trajectories of
(1)—(2) are bounded. Therefore

lim sup || X yiioe | <limsup | X s

k—o0 k—o0
+ limsup || X, (Goo — Grt1)]|
k—o0
<0+ limsup || X, || lim [|@Goe — 1] = 6.
k00 k—o0

|

Lemma 3: Under the assumptions of Theorem 1, for any &

if (Hk,dk)g Pa(rk—1), then there exists K >k k' < o
such that (Hy,dg) € P;.

Proof: Assume the statement of the lemma is not true.
Then % = =z, V¥ > k, which implies using (3) that
limsup,_, . [|z(t) — z,]| < ¥ (Vmax). With this, and using
Lemma 2,

| Xyaoo| = ”(I:Ioo — Ho)z, + Cioo - dOH

= [[(Hoe — Ho)(zk + vi) + doo
—do + (Hoo — Ho) (7, — (2% + 1))
< Tim sup ||, e |

+ 2 sup ||H[|(7(vmax) + Vmax)
HePs
<3 +2 sup [H||(¥(vmax) + Vmax) = €,
HePs
Choose a and w that solves the following set of linear

equations
X, O a\ _[(Xvao
I X" \w) \aw /-

Note that the matrix in (17) is square and it is easy to see
that its null space is zero given that X, has full row rank.

a7

Therefore there are a and w satisfying (17). By Assumption 3a,
X,a = X,ag implies a € Py. Moreover || X, (doo —a)|| =
| X, (Goo — ao)|| < €,. That and the fact that Go, —a = X w
for some w implies that

1

Omin,>0 (Xl/)

/

laoo — al| < €, = €,.

Since a € Py, ar € Ps Vk, and G, — Goo, by the way P
is constructed in Assumption 3b this implies that there must
be k' > k, k < oo, such that a;, € P;. This contradicts the
assumption that the statement of Lemma 3 is not true. [ ]

Lemma 4: There exists ky such that ai, € P; and Vk >
kN, &k S 732 (Tk—l)-

Proof: Assume the statement of the lemma is not true,
then there exists a subsequence, a,,, such that a,, ¢
Pa(rn,—1) Vng. By Lemma 3, after every nj there exists
k' such that ar € P;. Let nﬁg be the sequence of these
k"s. Since ay,, being a subsequence of aj, converges to
doos Qoo € (P3\ Ber (P1))¢ where P¢ is the notation for
the closure of the set P and €” comes from Assumption 3b.
The subsequence a,,; also converges to a~o. However, since
P, is closed, this would imply d., € P;. This is not possible
since P1 N (Ps \ Berr (P1))¢ = 0. Therefore the statement in
the Lemma must be true. [ ]

Proof of Theorem 1: The boundedness of the tra-
jectories is established in Lemma 2. Lemma 1 states that
limg oo G = Goo. With Assumption 2c, Lemma 4 implies
that G, € Py (r«). For every k > ky, where ky is given by
Lemma 4, 3, = g(ﬁk, cikmk,l). And since g is continuous,

tll)Iglol'(t) = kli}ﬂ;()xk =T = Q(vadooaroo>'

The controller C; is such that (3) holds. Therefore

lim sup ||z — Foo|| < limsup [|2(t) — ool < ¥ (Vmax) -

Because c is continuous, for every x, H and d, there exist
two functions of class I with respect to their first argument
(when all other arguments remain constant), 7. (¢; , H, d) and
~. (g5, H,d), such that

lle(z, Hx + d + d,) — c(z, Hx + d)||

< e (I16yll5 2, H, d) V6, € R™
lle(x+ 8z, H (x4 65) +d) — c(z, Hx + d)||
< e (llell s, H,d) V3, € R™.

Since Py and Ps(ro) N P3 are compact, the following
functions are also of class :

Yele) = sup  el(g59(H',d 1), H,d) Ve >0
(H,d)€P2(roc)NP3
(H',d')€P2(ro0)NPs

v(e)= sup A.(g59(H',d re), H,d) Ve > 0.
(H,d)ePo

(H',d")EP2(r00)NPs



With that we can write
limsup [le(2(¢), y(1)) — racl|
t—00
= limsup |c(Zoo + (2(t) — Too) , HoFoo + do
t—o00

+ Ho (2(t) — #o0)) — oo
<Y (7 (Umax)) + € (Zoos HoZoo + do) — Too|
=, (7 (Vmax)) + (oo, HooFoo + doo
- ((Hoo - HO) Too + doo - dO)) - TOOH
< ’Yz/: (7 (’Umax» + 76(||(HOO - HO) (xk + Uk) +dwo
—dy — (Heo — H) (zf — Foo +v1,)||) Vk
<% (3 (V) + 7 (1 sp|| X g |
k—oo
+ sup | Hoo — Hol| X

Ho €EP2 (’r‘oo)ﬂ'Pg
Ho€Po

(lim sup |2k — Zool| + lim sup ||vk||))
k—o0 k—o00
§ (0% (vmaxawmax)

= 7[:(7(1)1’1’13-?()) + 7{: <6 (UmaX7 wmax)

+2 sup(H| (1(0man) + i) ).

HeP2(rec)NPs3

(19)

For the last inequality in (19) we used Lemma 2. Since §(-, -)
is a linear function and 6(0,0) = 0, it is easy to see that
@ (Umax, Wmax) g0es to zero continuously as both v,y and
Wmax £O tO Zero.

If ¢ is a polynomial of degree n., then so are . (+;x, H, d)
and 7, (-;x, H,d) for every x, H and d. And if further R
is compact, then we can replace v.(-) and «.(-) with their
supremum over R, making them independent of 7., and also
polynomials of degree n.. Finally, if v is a polynomial of
degree n., then ¢, as a composition of two polynomial of
degrees n. and n,, is a polynomial of degree n., + n.. ]

V. APPLICATION

We now present a practical problem where the objective
function is quadratic, and we show that all the assumptions
are satisfied. The system we consider is given by (1)-(2) with
the following settings: n = 2; Hy has the special form

Zr —Zx
Zx ZRr

with Zp € [0, Rmax)s Zx € [0, pmaxZg] and o < ||do|| < s,
where Ryax > 0, pmax > 0, 0 > 0, ¢ > o are known; and
the control objective is defined by the function c

c(z,y) = (11/1961 + yzxz)

Hy = [ } , Zr.4x €R, (20)

(2D
Y221 — Y122
where here x; denotes the ¢’th element of the vector .

The settings above are typical in induction generator control,
where z is the current in a d-q reference frame [14] that exits
the generator toward an infinite bus, y is the voltage applied
on the generator, H represents the unknown impedance of
the line connecting the generator to the infinite bus, dj is the
infinite bus voltage, and the function ¢ computes the power
being generated. The state ¢ represents the rotor current as

well as additional state variables such as those of the AC-DC-
AC converter in a doubly-fed-induction generator for example,
[15], [16]. In this example, the control input u stands for the
rotor and the converter voltages.

In strong-grid conditions, where Hj is negligible and the
power becomes a linear function of the state x, a PI controller
taking as input the error between desired and actual power,
has been shown to track the reference power, [15]. The same
PI controller, with the error between the actual state and the
desired state from controller C; as the input, can be used as the
C; controller, satisfying Assumption 1. We assume the external
reference signal is attainable, belonging to some properly
defined R. In a wind-turbine with an induction-generator
application, this means that while the desired active power
follows the wind-speed, the reactive power to be generated is
sufficiently conservative to support the transfer of the desired
active power over all possible line impedances.

For ease of presentation, we define z = Zr+jZx € C and
v = dy + jds € C. From the problem statement,

0 <Rez < Rpax,
0 <Imz < pmax Re 2,
o< | <g
The set P3, the convex hull of Py, is then
0 <Rez < Rpax,
0 <Imz < pmax Re z,
lv] <<

Py =< (z,v) € C?

P3 = < (2,v) € C?

These sets satisfy Assumptions 2b and 2d.

Defining x = 1 + jz2 € C and o = r + jry € C,
and using - for the complex conjugate operation, we note
that ¢ (z, Hx +d) = r can be written as (zx +v) X = 0.
A solution, in Y, to the latter exists if and only if

Q (Z, v, Q) = ‘U‘4 + 4 |’U|2 Re (2@) —4 (Im (2@))2 Z 0.
In this case, when () is nonnegative, one solution is given by

4 2jIm (20) - VQ (2,0, 0)
220

X=9(zv,0) = . (22)

To make g continuous at z = 0, we set g (0,v,0) = g/7,
which is a solution to the control objective if @ (0,v, g) > 0.
When Im (Zp) = 0 there is a solution to the control objective
with v = 0 since Q (2,0, g) = 0. However, g can not be made
continuous at this point. We therefore define the set Py(r) as

Pa(r) = Pa(0) = {(z,v) €C?|Q(z,v,0)>0,0" < |v|}

where 0 < ¢/ < o, for which Assumptions 2a and 2c
are satisfied. Note that because no point in P, violates the
constraint ¢’ < |v|, and the definition of R guarantees that
Q (z,v,0) > 0 for all r € R and for every (z,v) € Py, we
have that Py C Ps (r) according to the definition of Ps.
Because P3 ¢ P (r), we need to also satisfy Assumption
3. For that end we define z,, = [0,0]” . With this definition, (6)
is satisfied only if v = vg. Since (z,v9) € Py ¥V (2,v) € Ps,
Assumption 3a is satisfied. To calculate § and €,, we note that

I1H] = 1] =

sup |z
0<Re 2< Rmax
0<Im 2<pmax Re z

=Rumaxv 1+ p?naXV

sup
(H,d)GPQ

sup
(H,d)EPo



$0 0 = 2(Wmax + Rmax\/1+ p2.xVmax). We also note
that with our choice of v, omin>0(X,) = 1, so ¢, =
2(Wmax + 2Rmax\/1 + P2, VUmax). Assuming €, < o define
now o. = o — €,. Since both the real and imaginary parts
of z are nonnegative in Ps3, and in the problem statement we
assumed the same is true for p, we have that Re (Zg) > 0.
Therefore if (z,v) € Py then

Q(2,0,0) > Qo (2,0) = 0 + 402 Re (z0) — 4 (Im (20))* .

Qo. (2, 0) is a quadratic function of z with a negative definite
second derivative. This function can be written as a real
quadratic function over R2. Evaluating such a real quadratic
function over a convex polygon in R?, the function will attain
its minimum at one of the vertices of the polygon. Projecting
Po on the space corresponding to z, the vertices are z; = 0,
22 = Rpax and 23 = Rpax + jpmameax- QaE (Zl,Q) is
always positive. ), (22, 0) is nonnegative if

o (|o|+Rep

0 < Rpax < ) (Im o)’ (23)
Qo. (23, 0) is nonnegative if (23) holds and
0 <pmax
< (052 Im 0 + 2Rpmax Re pIm o
+ lo| Vo! + 402 Rinax Re g)/(QRmax (Re 9)2) )
(24)

If (23) and (24) each holds Vr € R with o, replaced by
o — ¢ for some € > 0, then Assumptions 3b is satisfied. With
that we can finally define

0 <Rez < Rpax,
(z,v) € C% 0<Imz < pmax Re z,
o—¢€,—¢/2<|v| <

PL=

Corollary 1: 1If (23) and (24) each holds with o, replaced
by o. — ¢ for some £ > 0, then using a PI controller as Cy,
and Algorithm 1 with the above definitions of Py, P1, Po,
Ps, g and z, as Cy, guarantees a bounded tracking error as
the external reference signal converges. As the bound on the
measurement error approaches zero, the tracking error can be
made to approach zero as well.

VI. CONCLUSIONS

We considered a control problem which requires that a
nonlinear function of the state, with unknown parameters,
tracks a given reference signal. We propose a two-level control
approach, where a higher level controller estimates the un-
known parameters using a discrete adaptive law, and computes
the desired steady-state, while a lower level controller drives
the plant to this desired steady-state. We confine the parameter
search space to a convex set, and use a special escape signal
when there is no solution to the tracking problem given the
current estimated parameters. Using a dead zone we were also
able to prove robustness to measurement errors.
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